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Individuals living in poverty have higher rates of mental health disorders compared to those not living in
poverty. Measures are available to assess adults’ levels of psychological distress; however, there is limited
support for instruments to be used with a diverse population. The purpose of our study was to examine the
factor structure of Outcome Questionnaire-45.2 scores with an economically vulnerable sample of adults
(N = 615), contributing to the evidence of validity of the measure’s scores in diverse mental health settings.
Implications for professional counselors are considered, including clinical usage of the brief Outcome
Questionnaire-16 and key critical items.
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In the United States, it is estimated that 34 million adults live in poverty (i.e., income less than $12,880
per year), and poverty is a significant factor contributing to poor mental and physical health outcomes
(Hodgkinson et al., 2017). Poverty, or economic vulnerability, refers to the extent to which individuals
have difficulty living with their current level of income, increasing the risk for adverse social and
economic consequences (Semega et al., 2021). Economically vulnerable adults often experience greater
social inequality, lower educational attainment, less economic mobility (Stanford Center on Poverty
and Inequality, 2015), and difficulty securing full-time employment (Dakin & Wampler, 2008), which
leads to increased distress (Lam et al., 2019). Lower income levels are also associated with several
mental health conditions (e.g., anxiety, depression, suicide attempts; Santiago et al., 2011). Further, Lam
and colleagues (2019) found strong negative associations between income, socioeconomic status, and
psychological distress.

To effectively support their clients, counselors must understand the unique context and financial
stressors related to living in poverty. Incorporating poverty-sensitive measures into assessment and
evaluation practices is essential to providing culturally responsive care that considers the systemic and
environmental barriers of poverty (Clark et al., 2020). Implementing culturally responsive assessments
ensures that counselors use outcome measures that are attuned to poverty-related experiences (Clark
et al., 2020). Such measures can help counselors identify and prioritize treatment planning approaches
and acknowledge the reality that economic disadvantages create for clients (Foss-Kelly et al., 2017).
However, the availability of poverty-sensitive assessments is limited.

Measuring Psychological Distress in Adults Living in Poverty

Because of the risk of mental health issues related to economic vulnerability, assessments with
evidence of validity and reliability that measure psychological distress relative to income are
warranted. Professional counselors can individualize their therapeutic approach to meet the needs of
this population with the assistance of accurate assessments of related mental health conditions. Naher
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and colleagues (2020) noted the need for individual-level data as well as interventions specifically
targeted to adults living in poverty. Although outcome assessments exist to measure psychological
distress or severity of mental illness symptoms (e.g., Beck Depression Inventory [BDI], Beck et al., 1961;
Generalized Anxiety Disorder Screener [GAD-7], Léwe et al., 2008; Patient Health Questionnaire-9
[PHQ-9], Kroenke et al., 2001), there is a lack of measures with evidence of validity and reliability with
economically vulnerable adult populations. Therefore, our investigation examined the factor structure
of the Outcome Questionnaire-45.2 (OQ-45.2; Lambert et al., 2004) with an economically vulnerable
adult population, increasing the applicability of the measure in mental health settings.

Outcome Questionnaire-45.2

The OQ-45.2 (Lambert et al., 2004) is one of the most widely used outcome measures of
psychological distress in applied mental health settings (Hatfield & Ogles, 2004). The OQ-45.2 assists
professional counselors with monitoring client progress and can be administered multiple times
throughout treatment, as it is sensitive to changes over time (Lambert et al., 1996). The OQ-45.2 has
been implemented in outcome-based research with diverse populations such as university counseling
center clients (Tabet et al., 2019), low-income couples (Carlson et al., 2017), and ethnic minority
groups (Lambert et al., 2006). Lambert et al. (1996) reported strong test-retest reliability (r =.84) and
internal consistency (a = .93) for the OQ-45.2, based on a sample of undergraduate students (n = 157)
and a sample of individuals receiving Employee Assistance Program services (n = 289). However,
researchers have yet to investigate the psychometric properties of the OQ-45.2 with an economically
disadvantaged, diverse population.

Given the utility of the OQ-45.2 as a client-reported feedback measure, clinicians can use the
0OQ-45.2 in a variety of ways to evaluate client progress, including measuring changes in individual
distress across the course of counseling and before and after specific treatment interventions, as well as
to glean a baseline level of distress at the start of counseling (Lambert, 2017). For example, one study
used the OQ-45.2 as a primary outcome measure for anxiety symptoms in clients engaging in cognitive
behavioral therapy (Levy et al., 2020). The OQ-45.2 was administered at the beginning of each weekly
counseling session and change scores were calculated between each session, which helped clinicians
understand that about half of their sample reported clinically significant reductions in symptoms in
just nine sessions (Levy et al., 2020). This example demonstrates how the OQ-45.2 can be implemented
to monitor treatment outcomes and improve the duration and efficiency of counseling. A clinician can
also use salient items as part of the intake clinical interview to encourage clients to elaborate on the
specific symptoms they are experiencing, and how they may be impacting their functioning, across a
variety of clinical settings (Espiridion et al., 2021; Lambert, 2017; Levy et al., 2020).

Factor Structure of 0Q-45.2

Researchers contested the factor structure proposed by Lambert et al. (2004), suggesting the need
for further validation of the three-factor oblique measurement model and exploration of other possible
factor structures (e.g., Kim et al., 2010; Mueller et al., 1998; Rice et al., 2014; Tabet et al., 2019). Mueller
and colleagues (1998) examined three models: (a) a one-factor model, (b) a two-factor oblique model,
and (c) a three-factor oblique model, none of which fit the data well. In addition, the factors in the three-
factor model were highly correlated, ranging from .83 to .91, asserting that the subscales may not be
statistically indistinguishable and the OQ-45.2 might be a unidimensional measure of global distress.

Kim and colleagues (2010) also explored three models to assess adequate fit of the data: (a) a one-factor
model, (b) a three-factor model, and (c) a revised 22-item four-factor model. Indicating weak support for
the OQ-45.2’s factorial validity across all models, researchers cautioned against widespread utilization in
mental health and research settings, encouraging further psychometric exploration and validation of the

0Q-45.2 (Kim et al., 2010).
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Rice and colleagues (2014) found evidence to support a two-factor OQ-45.2 model that included
(a) overall maladjustment and (b) substance use. Results indicated relatively good fit (comparative
fit index [CFI] = .990, root-mean-square error of approximation [RMSEA] = .068) for a two-factor
measure with 11 items, which demonstrated better model fit than the original three-factor model
(CFI =.840, RMSEA = .086 [90% confidence interval {CI} =.085, .087]). Overall, multiple researchers
have demonstrated poor fit for the original factor structure of the OQ-45.2 (Kim et al., 2010; Mueller
et al., 1998; Rice et al., 2014; Tabet et al., 2019), supporting the need for further validation for using the
0Q-45.2 with samples of adults living in poverty.

This study’s primary aim is to examine the factor structure of the OQ-45.2 with an economically
vulnerable sample to enhance the generalizability of the OQ-45.2 in mental health settings. Therefore,
the following research questions guided our study:

RQ1. What is the factor structure of OQ-45.2 scores with a sample of adults living
in poverty?

RQ2. What is the internal consistency reliability of the abbreviated 16-item OQ-45.2
scores with a sample of adults living in poverty?

RQ3. What is the test-retest reliability of the abbreviated 16-item OQ-45.2 scores with a
sample of adults living in poverty?

Method

Participants and Procedures

Participants comprised a sub-sample from a grant-funded, community-based, relationship education
program for individuals and couples at a university in the Southeastern United States. The project was
funded through the U.S. Department of Health and Human Services, Administration for Children and
Families, Office of Family Assistance (Grant #90FMO0078). Study recruitment strategically involved
passive and active recruitment strategies (Carlson et al., 2014) from various community locations that
primarily serve low-income individuals and families (e.g., libraries, employment offices). Participants
met inclusion criteria if they were at least 18 years old and interested in learning about healthy
relationships. The relationship education intervention utilized was an evidence-based curriculum
that taught individuals tools to improve their relationships in a small group setting (Prevention and
Relationship Education Program [PREP]; Pearson et al., 2015).

We obtained ethical approval from the university’s IRB prior to data collection. Each person
participated in a group intake session that consisted of a review of the informed consent; a battery of
assessments, including the OQ-45.2; and a brief activity. Study participants (N = 615) included in this
current analysis consented between July 2015 and June 2019.

Demographic Information

We collected demographic data as part of this study, which included gender, age, ethnicity, income,
educational level, working status, and marital status (see Table 1). The majority of participants fell below
the poverty line when factoring in number of children and/or under- or unemployment. Therefore, our
sample consisted of a diverse population, including variations in income, age, ethnicity, and race.
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Table 1

Participant Demographic Characteristics

Descriptive Characteristic Total Sample (1, %)
Age
18-20 years 34 (5.5)
21-24 years 52 (8.5)
25-34 years 130 (21.1)
35-44 years 139 (22.6)
45-54 years 137 (22.3)
55-64 years 91 (14.8)
65 years or older 32 (5.2)
Gender (female) 498 (81.0)
Race
American Indian or Alaska Native 18 (2.9)
Asian 19 (3.1)
Black or African American 176 (28.6)
Native American or Pacific Islander 2(0.3)
White 248 (40.3)
Other 144 (23.4)
Ethnicity
Hispanic or Latino
Notp Hispanic or Latino %gg Eéggg
Income
Less than $500 216 (35.1)
$501-$1,000 108 (17.6)
$1,001-$2,000 124 (20.2)
$2,001-3,000 81 (13.2)
$3,001-%4,000 28 (4.6)
$4,001-$5,000 18 (2.9)
More than $5,000 18 (2.9)
Educational Level
No degree or di]]aloma earned 24 (3.9)
High school diploma 18 (2.9)
Some college but no degree completion 75 (12.2)
Associate degree 66 (10.7)
Bachelor’s degree 134 (21.8)
Master’s / advanced degree 77 (12.5)
Marital Status
Married 93 (15.1)
Engaged 11 (1.8)
Divorced 164 (26.7)
Widowed 24 (3.9)
Never Married 270 (43.9)
Employment Status
Full-time employment 227 (36.9)
Part-time employment 83 (13.5)
Temporary, occasional, or seasonal, or odd jobs for pay 41 (6.7)
Not currently employed 207 (33.7)
Employed, but number of hours change from week to week 29 (13.5)
Selected multiple responses 6 (1.0)
Number of Children
0 148 (24.1)
1 60 (9.8)
2 44 (7.2)
3 17 (2.8)
4 6 (1.0)
5 4 (0.7)
6 1(0.4)
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Instrument
The Outcome Questionnaire-45.2

The OQ-45.2 is a self-report questionnaire that captures individuals’ subjective functionality in
various aspects of life that can lead to common mental health concerns (e.g., anxiety, depression,
substance use). The current three-factor structure of the OQ-45.2 has 45 items rated on a 5-point
Likert scale, with rankings of 0 (never), 1 (rarely), 2 (sometimes), 3 (frequently), and 4 (almost always;
Lambert et al., 2004). Nine OQ-45.2 items are reverse scored, with total OQ-45.2 scores calculated by
summing all 45 items with a range from 0 to 180. Clinically significant changes are represented in a
change score of at least 14, whether positive or negative (i.e., increased or reduced distress).

The Symptom Distress subscale (25 items) evaluates anxiety, depression, and substance abuse
symptoms, as these are the most diagnosed mental health concerns (Lambert et al., 1996). The
Interpersonal Relations subscale (11 items) includes items that measure difficulties and satisfaction
in relationships. The Social Role Performance subscale (nine items) assesses conflict, distress, and
inadequacy related to employment, family roles, and leisure activities. The OQ-45.2 also includes four
critical items (Items 8, 11, 32, and 44) targeting suicidal ideation, homicidal ideation, and substance
use. The Cronbach’s alpha for the OQ-45.2 in the current study was calculated at .943.

Data Analysis

We calculated descriptive statistics on the total sample population, including the mean, standard
deviations, and frequencies. Subsequently, we conducted preliminary descriptive analyses to test for
statistical assumptions that included missing data, collinearity issues, and multivariate normality
(Byrne, 2016). In the first analysis, we used confirmatory factor analysis (CFA) to test the factor
structure of the OQ-45.2 with this population (N = 615) and subsequently used exploratory factor
analysis (EFA) to evaluate revised OQ models.

We conducted CFA utilizing the original three-factor oblique model (Lambert et al., 2004) as the
a priori model to test the hypothesized structure of the latent variables. In addition, based on the
results of the study, we tested a series of alternative structural models outlined by Bludworth and
colleagues (2010). Given the non-normal distribution, we utilized MPlus (Version 8.4) with a robust
maximum likelihood (MLR) parameter estimation (Satorra & Bentler, 1994). To address missing
data, we employed a full information maximum likelihood (FIML) to approximate the population
parameters and produce the estimates from the sample data (Enders, 2010). Results of the CFA were
evaluated using several fit indices: (a) the chi-square test of model fit (x* nonsignificance at p > .05
indicate a good fit [Hu & Bentler, 1999]); (b) the CFI (values larger than .95 indicate a good fit [Bentler,
1990]); (c) TLI (values larger than .95 indicate a good fit [Tucker & Lewis, 1973]); (d) RMSEA with 90%
CI (values between .05 and .08 indicate a good fit [Browne & Cudeck, 1993]); and (e) standardized
root-mean-square residual (SRMR; values below .08 indicate good fit [Hu & Bentler, 1999]).

Following the CFA, we conducted EFA because of poor model fit across all models and several
items with outer loadings of less than 0.5 (Tabachnick & Fidell, 2019). Kline (2016) recommended
researchers should not be constrained by the original factor structure when CFA indicates low outer
loadings and should consider conducting an EFA because the data may not fit the original number
of factors suggested. Accordingly, we conducted an EFA to test the number of factors derived from
the 45-item OQ-45.2 within our population. We exceeded the recommended ratio (i.e., 10:1) of
participants to the number of items (12.6:1; Costello & Osborne, 2005; Hair et al., 2010; Mvududu
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& Sink, 2013). We conducted a principal axis factoring with Promax rotation to determine whether
factors were correlated using SPSS version 25.0. We chose parallel analysis (Horn, 1965) using the
95th percentile to determine the number of factors to retain given that previous researchers have
acknowledged parallel analysis to be a superior method to extract significant factors as compared

to conventional statistical indices such as Cattell’s scree test (Henson & Roberts, 2006). We used
stringent criterion when identifying loading and cross-loading items such as items that indicated high
(i.e., equal to or exceeding 1.00) or low communality values (i.e., less than 0.40; Costello & Osborne,
2005) and items with substantive cross-loadings (< .30 between two factor loadings; Tabachnick &
Fidell, 2019) were removed. To ensure the most parsimonious model, we removed items individually
from Factor 1, which has the greatest number of items, to reduce the size of the model while still
capturing the greatest variance explained by the items on that factor.

Results

We screened the data and checked for statistical assumptions prior to conducting factor analysis.
Little’s Missing Completely at Random (MCAR) test (Little, 1988), a multivariate extension of a simple
t-test, evaluated the mean differences of the 45 items to determine the pattern and missingness of data
(Enders, 2010). Given the significant chi-square, data were not missing completely at random
(x*=912.062, df =769, p < .001). However, results indicated a very small percentage of values (< 1%)
were missing from each variable; therefore, supporting data were missing at random (MAR; Osborne,
2013). When data are MAR, an FIML approach to replace missing values provides unbiased parameter
estimates and improves the statistical power of analyses (Enders, 2010). The initial internal consistency
reliability estimates (coefficient alpha) for scores on the original OQ-45.2 model were all in acceptable
ranges except for Factor 3 (see Henson & Roberts, 2006): total a =.943, Symptom Distress o = .932
(k =25 items), Interpersonal Relations a =.802 (k = 11 items), and Social Role Performance « = .683
(k=9 items). We also conducted Bartlett’s test of sphericity (p <.001) and the Kaiser-Meyer-Olkin value
(.950), indicating the data was suitable for conducting a factor analysis. We evaluated multivariate
normality of the dataset with Mardia’s multivariate kurtosis coefficient. Mardia’s coefficient of
multivariate kurtosis was .458; therefore, we deemed the data to be non-normally distributed
(Hu & Bentler, 1995).

Confirmatory Factor Analysis

We tested the developer’s original OQ-45.2 three-factor oblique model, and because of the results
subsequently tested a series of alternative structural models outlined by Bludworth and colleagues
(2010). Specifically, the alternative structural models tested included: (a) a three-factor orthogonal model,
(b) a one-factor model, (c) a four-factor hierarchical model, and (d) a four-factor bilevel model. Table 2
presents the fit indices results in the series of CFAs. The original three-factor oblique model allowed all
three factors (Social Role Performance, Interpersonal Relations, and Symptom Distress) to correlate, but
resulted in a poor fit: x*(942, N = 615) = 3.014, p <.001; CFI=.779; TLI=.768; RMSEA = .057, 90% CI [.055,
.060]; SRMR = .063. We next uncorrelated the factors and tested a three-factor orthogonal model, which
also presented a poor fit with worsened fit metrics: x*(945, N = 615) = 3.825, p <.001; CFI = .689; TLI = .674;
RMSEA =.068, 90% CI [.065, .070]; SRMR = .202. Accordingly, because the factors demonstrated high
intercorrelation (r, = .94, .93, .91) in the three-factor oblique model and lack of factorial validity based on
the CFA results of both three-factor models, we suspected the OQ-45.2 to be a unidimensional, one-factor
model. However, the CFA revealed a poor fit to the OQ-45.2 one-factor model: x*(945, N = 615) =3.197,
p <.001; CFI=.758; TLI =.747; RMSEA = .060, 90% CI [.057, .062]; SRMR = .062.
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Table 2

Goodness-of-Fit Indices for the Item-Level Models of the OQ-45.2

X2 df p X¥df  CFI  TLI RMSEA  90%CI  SRMR

One-Factor 3021.300 945 .000 3.197 .758 747 .060 [.057, .062] .062

Three-Factor

3615.060 945 .000 3.825 .689 674 .068 [.065, .070] 202
(orthogonal)

Three-Factor

. 2839.335 942 .000 3.014 779 768 .057 [.055, .060] .063
(oblique)

Four-Factor

. . 2839.335 942 .000 3.014 779 768 .057 [.055, .060] .063
(hierarchical)

Four-Factor

. 2363.263 900 .000 2.626 .829 812 .051 [.049, .054] .054
(bilevel)

Note. N = 615. x? = chi-square; df = degrees of freedom; x?/df = relative chi-square; CFI = comparative fit index;
TLI = Tucker-Lewis Index; RMSEA = root-mean-square error of approximation; 90% CI =90% confidence interval;
SRMR = standardized root-mean-square residual.

We proceeded to test the OQ-45.2 as a four-factor hierarchical model. In this multidimensional model,
the three first-order factors (Social Role Performance, Interpersonal Relations, and Symptom Distress)
became a linear combination to sum a second-order general factor (g-factor) of Psychological Distress
(Eid et al., 2017). Results evidenced an unacceptable overall fit to the data: x*(942, N =615) = 3.014,

p <.001; CFI=.779; TLI=.768; RMSEA = .057, 90% CI [.055, .060]; SRMR = .063. Last, we examined a
four-factor bilevel model. In this model, the g-factor of Psychological Distress has a direct effect on items,
whereas, in the hierarchal model, it had an indirect effect on items. Therefore, the items in the four-factor
bilevel model load onto both their intended factors (Social Role Performance, Interpersonal Relations,
and Symptom Distress) and the g-factor (Psychological Distress). Nevertheless, although the four-factor
bilevel was cumulatively the best fitting OQ-45.2 factorial model, the results still yielded a poor fit:
X*(900, N =615) =2.626, p <.001; CFI = .829; TLI = .812; RMSEA = .051, 90% CI [.049, .054]; SRMR = .054.

Overall, all models demonstrated a significant chi-square (p <.001); however, this result is common
in larger sample sizes (N >400; Kline, 2016). Because the chi-square statistic is sensitive to sample size
and model complexity, researchers have recommended using other fit indices (e.g., RMSEA, CFI)
to determine overall model fit (Tabachnick & Fidell, 2019). Nevertheless, the levels of the CFI values
(ranging from .689 to .829) and TLI values (ranging from .674 to .812) were low, and far below the
recommended referential cutoff (> .90; Tucker & Lewis, 1973). Although the models” RMSEA values
were within the recommended range of .05 to .08 (Browne & Cudeck, 1993), and the majority of SRMR
values were below .08 (Hu & Bentler, 1999), these were the only fit indices that met acceptable cutoffs.
We further examined outer loadings for the 45 items within the factorial models and identified that all
models had outer loadings (ranging from 5 to 14 items) below the 0.5 cutoff (Tabachnick & Fidell, 2019).
When CFA produces low factor loadings and poor fit indices, researchers should not be constrained to
the original specified number of factors and should consider conducting an EFA (Kline, 2016). Hence,
we elected to conduct an EFA to explore the factor structure with this population.
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Exploratory Factor Analysis

Results from the initial EFA using principal axis factoring with the 45 OQ items produced a solution
that explained 55.564% of the total variance. After multiple iterations of item deletions, we concluded
with a three-factor solution. We present the internal reliability estimates of two three-factor solutions:
(a) a 16-item three-factor solution—the most parsimonious—and (b) an 18-item three-factor solution,
including all critical items in Table 3. We present the first three-factor solution because it was derived
using stringent criteria for creating the most parsimonious solution (Costello & Osborne, 2005;
Henson & Roberts, 2006; Tabachnick & Fidell, 2019), whereas the second three-factor solution included
conceptual judgment determining the inclusion of the critical items from the original OQ-45.2.

Table 3

Internal Consistency Estimates

Total Symptom Distress  Interpersonal Relations  Social Role Performance
Original OQ-45 943 932 .802 .683

Total Factor 1 Factor 2 Factor 3
16-Item Model .894 .864 .840 710
18-Item Model .896 .857 .840 .700

Three-Factor Solution

Results from the parallel analysis (Horn, 1965) indicated an initial four-factor solution. Through
multiple iterations (1 = 9) of examining factor loadings, removing items one at a time, and reexamining
parallel analysis after each deletion, our results demonstrated that a three-factor solution was the
most parsimonious. We removed a total of 29 items because of low communalities (< .5), low factor
loadings (< .4), and substantive cross-loadings (> .3 between two factor loadings; Tabachnick & Fidell,
2019). Before accepting the removal of these items, we added each back to the model to determine its
impact on the overall model. No items improved the model; therefore, we accepted the deletion of
the 29 items. The final three-factor solution included 16 items with 57.99% of total variance explained,
which indicates near acceptable variance in social science research, with 60% being acceptable (Hair et
al., 2010). Factor 1 (seven items) explained 38.98% of the total variance; Factor 2 (six items) explained
11.37% of the total variance; and Factor 3 (three items) explained 7.64% of the total variance.

Three-Factor Solution With Critical Items

After finalizing the model, we added Item 8 (“I have thoughts of ending my life”) and Item 44 (“I
feel angry enough at work/school to do something I might regret”) into the final model for purposes
of clinical utility. Both items resulted in low factor loading (< .4). Item 8 correlated with other items on
Factor 3, and Item 44 correlated with other items on Factor 1. This final 18-item three-factor solution
reduced the variance explained by the items on the factors by 3.45%, indicating a questionable fit for
social sciences (54.54%; Hair et al., 2010). Factor 1 (eight items) explained 36.83% of the total variance;
Factor 2 (six items) explained 10.82% of the total variance; and Factor 3 (four items) explained 6.90% of
the total variance. Internal consistency estimates are presented in Table 3 for all three models: (a) the
original OQ-45.2 (a = .943); (b) the 16-item, three-factor solution (a =.894); and (c) the 18-item, three-

factor solution (a = .896).
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Test-Retest Reliability

To examine the stability of the new 16-item OQ scores over time, we assessed test-retest reliability
over a 30-day interval using bivariate correlation (Pallant, 2016). Results yielded strong correlation
coefficients between pre-OQ scores and post-OQ scores: (a) OQ Total Scores, r =.781, p <.001; (b) Factor
1, r=.782, p <.001; (c) Factor 2, r =.742, p < .001; and (d) Factor 3, r = .681, p <.001. The 18-item OQ scores
also demonstrated significant support for test-retest reliability over a 30-day interval: (a) OQ Total
Scores, r=.721, p <.001; (b) Factor 1, » = .658, p < .001; (c) Factor 2, r =.712, p < .001; and (d) Factor 3,
r=.682, p<.001.

Discussion

We found that the current factor structure of the OQ-45.2 poorly fits the sample population of
economically vulnerable individuals. Our preliminary results support Rice and colleagues’ (2014)
claim: because of the unique stressors economically vulnerable individuals face, the OQ-45.2 does not
adequately capture their psychological distress. The lack of support for the OQ-45.2’s current structure
(i.e., three-factor oblique) creates doubt clinically when assessing clients” distress. Therefore, we
explored alternative structural models proposed by Bludworth and colleagues (2010) using a CFA, and
subsequently an EFA, to reexamine the factor structure of the OQ-45.2.

The EFA resulted in a 16-item, three-factor solution with our sample, indicating marginal support
for the validity and reliability of the items for this brief model of the OQ, meaning that this model
lacked reliability (i.e., ability to produce similar results consistently) and validity (i.e., ability to actually
measure what it intends to measure: distress). In social science research, total variance explained of 60%
is adequate (Hair et al., 2010); therefore, the three-factor model that approaches 60% could be acceptable,
indicating that this model captures more than half or more than chance of the construct distress for this
population. Still, additional research is needed to support the factor structure with a similar population
of low-income, diverse individuals. Economically vulnerable individuals experience unique stressors
(Karney & Bradbury, 2005), and brief assessments are best practices (Beidas et al., 2015). Therefore,
we encourage other researchers to reexamine the use of this brief version of the OQ with a sample of
economically vulnerable individuals or develop a new instrument that may more accurately capture
psychological distress in economically disadvantaged individuals.

Also, the 16-item model results differ from the original OQ-45.2 in that we were unable to find
support for the social role factor with our sample population. We hypothesize this finding is largely due
to the economic stressors this population faces (e.g., unreliable transportation, food scarcity, housing
needs). Anecdotally, some participants commented during the initial intake session that several items
(e.g., specifically items on the social role factor relating to employment) were not relevant to their
situation because of under- or unemployment. Further, reducing OQ-45.2 to a 16-item assessment may
provide a more user-friendly version requiring less time for respondents and more efficient use of
clinical time; however, without further research, the current authors are hesitant to support its clinical
use with this population of economically vulnerable individuals.

Similar to previous researchers (e.g., Kim et al., 2010; Rice et al., 2014), we also found evidence for
the need for a substance use factor (e.g., Factor 3) in the 18-item abbreviated model; however, this
model deviated from the original OQ-45.2. The findings of this study support the need for professional
counselors to assess substance use as part of psychological distress, whether it be implementing the
18-item version of the OQ or adding an additional assessment that has greater reliability and validity of
its items with this population.
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Implications

We found initial, possible support for a brief version of the OQ-45.2 for economically vulnerable
individuals. The abbreviated 16-item OQ assessment derived from this research requires less time to
complete while capturing an individual’s distress on substance use, interpersonal relationships, and
symptom distress. A brief instrument can provide professional counselors with a snapshot of the client’s
concerns, which can assist in monitoring a client’s level of psychological distress throughout treatment.
In clinical settings, counselors can utilize this instrument to briefly assess at intake the baseline distress
of their clients and use it as a guide or conversation starter for discussing client distress. For example,
a counselor may ask that the client complete the brief OQ-16 instrument with the intake paperwork. In
review of all paperwork, the counselor may note to the client, “I noticed that you indicated high distress
with interpersonal relationships. Is that a place you would like to begin, or do you have another place
you want to begin?”

Further, we retained two critical items (i.e., Iltems 8 and 44) in the 18-item version of the OQ brief
assessment, as psychological distress associated with economic vulnerability is linked to higher rates
of suicide and homicide (Knifton & Inglis, 2020). Because of the clinical utility of this instrument,
professional counselors may want to include those items to assess a client’s level of threat of harm to
self or others. Dependent on the client’s answer to these critical items, professional counselors have
a quick reference with which to intervene or focus the initial session to address safety. Therefore, the
items of this assessment may possibly be used to start the initial dialogue regarding an individual’s
psychological distress and/or suicidal intent; however, the assessment should not be used as the only
tool or instrument to diagnose or treat psychological distress. We understand that these items can help
professional counselors efficiently assess for suicidal or homicidal intent. Therefore, the counselor can
opt to use the 16-item version and include an additional, more reliable assessment for measuring threat
of harm to self and/or others. For example, counselors may opt to use an instrument such as the Ask
Suicide-Screening Questions tool (Horowitz et al., 2012) to further evaluate suicidal intent.

In our experience, when following up with study participants based on a score higher than 1 on a
scale of 1-5, many participants indicated they felt that way in the past but no longer feel that way now.
In our use of the OQ-45.2, we find that participants tend to answer these questions based on their entire
life versus the time frame indicated in the assessment instructions (the past week [7 days]). Therefore,
professional counselors should be clear that respondents should answer based on the past week, rather
than “ever experienced.” When offering the assessment to clients, we recommend that the counselor
highlight the time frame in the instructions or clearly communicate that time frame to the client before
they complete the instrument to gain the most accurate data.

Limitations and Suggestions for Future Research

As with all research, results should be considered in light of limitations. The large study sample
consisted of diverse individuals; however, the majority were women, and all individuals were from
the southeast region of the United States, minimizing the generalizability of these findings. In addition,
although findings indicate initial, possible support for a revised three-factor model consisting of 16
items, future studies are warranted to strengthen the validity of this abbreviated version of the OQ-45.2.
We suggest that future researchers test the 16-item assessment through CFA with a similar population
to confirm the current study’s findings. All respondents volunteered to participate in a 6-month study,
which may indicate more motivation to improve or represent a population with distress responses
different from those who were recruited but chose not to participate in the study. Additionally, study
participants were actively recruited, and may have experienced less distress than a help-seeking sample.
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The OQ is available in a Spanish translation; however, we only included people who completed the
English OQ-45.2 version in the current study. Future analyses should examine the factor structure of the
Spanish OQ-45.2 as well. Next, future research on the OQ should include the development and testing of
new items. Lastly, future research should aim to validate the reduced 16-item and 18-item OQ scores on
anew sample and seek to establish a new criterion for clinical significance. Professional counselors may
also benefit from the creation of a specific instrument assessing distress related to the unique stressors
that economically vulnerable clients face. Until further analyses are conducted with a new sample
population to confirm the abbreviated models, we encourage professional counselors to implement the
brief version tentatively and with caution, and to follow up with the client regarding high scores on
critical items prior to making clinical judgments regarding reported subscale scores.

Conclusion

Given the broad utility of the OQ-45.2 in research and mental health settings, researchers and
professional counselors must understand the instrument’s structure for interpretation purposes and
how the assessment should be adapted for various populations. Professional counselors can effectively
support clients by assessing and recognizing how economic-related distress impacts their quality of
life, which may directly relate to treatment outcomes. Findings from the current study add to previous
literature that calls into question the original OQ-45.2 factor structure. Additionally, the current study’s
findings support a revised 16-item, three-factor structure for economically vulnerable clients and we
provide implications for use of this assessment in clinical practice. Future research should include a
confirmatory analysis of the current findings.
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